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Abstract

In this research¢ one of the most important non-linear regression models that has many uses in
many statistical applications was presented« which is the binary (log-logistic) regression model.
The parameters of this model were estimated by using the classical statistical method. It was
improved by the genetic algorithm in estimation in order to fit the estimation of the parameters

of this type of non-linear regression models¢ and then a comparison was made between these
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methods. The improved estimation that

included the genetic algorithm based on the
technique of the greatest possibility method
and the genetic algorithm method based on
the square minimization technique as any. In
order to show the best between them in terms
of model estimation by assuming a number of
models and different sample sizes through the
simulation experiment through the statistical
standard (MSE) for the purpose of estimating

the log-logistic regression model.

Keywords: Binary log-logistic regression« genetic
algorithm¢ log model Hozmer-Lemshaw test for

quality of fit« greatest possibility method (MLE).
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